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Abstract

The understanding of tourist needs is very complicated due to the extremely high number of tourists.
Accordingly, providers cannot tailor their products or services to better match customers' needs and demands
in each segment. This research proposes the model of domestic tourism in Phra Nakhon Si Ayutthaya province,
Thailand by using machine learning techniques. The principle aims of this research are to study the behaviors of
related domestic tourists and to develop a clustering model using the combination of clustering and association
rule techniques. A data set was collected from 704 travelers who visited Phra Nakhon Si Ayutthaya. It was
cleaned and prepared for clustering by the TwoStep cluster analysis. Then, the relevant association rules were
discovered on each of these clusters. The experimental results revealed that the dataset could be divided into 4
different clusters, including senior tourists coming with a company trip (15.63%); elderly tourists traveling with
family (37.78%), employee tourists (23.58%) and those who do enjoy traveling (23.01%). Each cluster showed
as many as 8, 5, 3 and 6 association rules among their attributes with more than 80% confident. With insight
into tourist travel behaviors, those involved can get engaged in strategic planning of products and services that

are tailored to meet the specific needs of each cluster.

Keywords: Tourism, Domestic Tourists, Data Mining, Phra Nakhon Si Ayutthaya

Please cite this article as: W. Yotsawat, S. Purisangkaha, W. Kittirakpunya, and A. Srivihok, “Development of domestic tourists
model using clustering and association rule techniques case study: Phra Nakhon Si Ayutthaya Province,” The Journal of KMUTNB.,
vol. 27, no. 4, pp. 829-841, Oct.—Dec. 2017 (in Thai).
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4 10.73 5.37 9.08

n 110 266 166 162
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5.2.1 NFULEIYNUNNLINURINDIL

1. IF(Region=Central and Sex=F) THEN
(Accommodation=GoBack) conf: 0.9

2. IF(Region=Central) THEN
(Accommodation=GoBack) conf: 0.88

3. IF(Education=Primary and
Expenditure<1000Baht) THEN
(Accommodation=GoBack) conf: 0.87
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4. IF(Education=Primary and
TypeTrip=Organization) THEN
(Accommodation=GoBack) conf: 0.85

5. IF(Expenditure<1000Baht) THEN
(TypeTrip=Organization) conf: 0.83

6. IF(Education=Primary) THEN
(CoTraveler=Friend) conf: 0.81

7. IF(Expenditure<1000Baht) THEN
(Accommodation=GoBack) conf: 0.8

8. IF(Education=Primary and
Accommodation=GoBack) THEN
(TypeTrip=Organization) conf: 0.8

522 ﬂ@nggamqﬁwuﬁmﬁ’umam%’a

1. IF(CoTraveler=Family and
Vehicle=PrivateCar and Accommodation=GoBack)
THEN (TypeTrip=SelfTrip) conf:(1)

2. IF(CoTraveler=Family and
TypeTrip=SelfTrip and Vehicle=PrivateCar) THEN
(Accommodation=GoBack) conf: 0.97

3. [F(CoTraveler=Family and
TypeTrip=SelfTrip and Accommodation=GoBack)
THEN (Vehicle=PrivateCar) conf: 0.94

4. IF(TypeTrip=SelfTrip and
Vehicle=PrivateCar and Accommodation=GoBack)
THEN (CoTraveler=Family) conf: 0.92

5. IF(Vehicle=PrivateCar and
Accommodation=GoBack) THEN
(CoTraveler=Family and TypeTrip=SelfTrip) conf: 0.91

5.2.3 nguinyinam

1. IF(Vehicle=PrivateCar and
Accommodation=GoBack) THEN (TypeTrip=SelfTrip)
conf: 0.96

2. IF(Sex=F and TypeTrip=SelfTrip) THEN
(Accommodation=GoBack) conf: 0.95

3.IF(DayType=Weekend and TypeTrip=SelfTrip)

THEN (Accommodation=GoBack) conf: 0.93

5.2.4 nguinmsvias iz
1. IF(Status=Married and Accomodation=withRelative)
THEN (TypeTrip=SelfTrip) conf: 1

2. IF(Objective=VisitFriend) THEN
(TypeTrip=SelfTrip) conf: 1

3. IF(Vehicle=PrivateCar) THEN
(TypeTrip=SelfTrip) conf: 1

4. IF(CoTraveler=Family and
Accomodation=withRelative) THEN
(TypeTrip=SelfTrip) conf: 1

5.1F(CoTraveler=Family and TypeTrip=SelfTrip)
THEN (STATUS=Married) conf: 0.81

6. IF(Sex=F and TypeTrip=SelfTrip) THEN

(Accomodation=withRelative) conf: 0.8
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