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Abstract

Depression is one of the major causes of suicide. Most people with depression are unaware that
they have depression and often express themselves on social media through text or images because
social media is a form of communication through channels that do not rely on facial expressions. Moreo-
ver, the existing research focuses solely on the use of texts in social networks for analysis. This research
proposes a depression risk analysis model using machine learning techniques. The model construction
applies data from the Patient Health Questionnaire-9 and Twitter data in combination with machine
learning techniques. The Twitter data are collected from 405 Twitter users. There are five machine
learning techniques explored in this research which are Naive Bayes, Support Vector Machine, Decision
Tree, Multilayer Perceptron, and Random Forest. The experimental results indicated that the depression
risk analysis model using a Random Forest technique provided the highest F-measure at 87.39%. While a
comparison of the model's performance using different input variables revealed that the use of Twitter
attributes, both text and image, achieved the highest F-measure. In addition, the feature finding revealed
that the most important feature in the depression risk analysis was the mean sentiment score, which is

a Twitter’s text attribute.
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3.2 M3U38UiguUsZANSAMNUBILUUTIADIINATT
Waauusindfiunnsneiy
n1s3suiiisuluduneudvilnenisadi
wuudnaewgmalianisdula (RF) Ingldduusindn
Fumnsnety 2 Ussiam Teun ANNYULIINNINLADT
Usglnndenany (Text from Twitter) (AaLU5HLEN
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